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Abstract

Models of bureaucratic accountability rest on the ability of politicians to obtain information
about bureaucracies. Yet how politicians process this information is an understudied and
central topic. I argue that politicians follow partisan motives when updating their beliefs
about bureaucracy. I leverage a new measurement strategy and apply word-embedding
techniques to a corpus of legislative speeches and estimate partisan beliefs about 323 agencies
over 40 years in the UK and the US. l build panel data models and a generalised difference-
in-differences design and find that for the governing party beliefs about bureaucracy are on
average more positive by 3-4 percentage points, irrespective of the party-agency ideological
distance. I show how bias follows from beliefs to behaviour. When co-partisan with the
government, (1) politicians’ speeches about bureaucratic agencies are less grounded in facts
and evidence, (2) and politicians are less likely to oversee ideologically distant agencies.
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1 Introduction

A normative tenet of democratic government is that bureaucracies are accountable to elected

politicians. To that end, principals design institutions and procedures to limit agency loss

and ensure bureaucracies are held in check (McCubbins et al. 1987; McCubbins and Schwartz

1984). Yet for accountability to be sustained, politicians need to observe the performance

of agencies, update their beliefs, and respond accordingly. The literature is nonetheless

silent on how politicians form their beliefs about bureaucracy and there is no evidence that

they are truly Bayesian actors who see, update, and act. Work in political psychology has

demonstrated how individuals – both voters and politicians – are motivated reasoners, and

how their opinions follow directional motives aimed at confirming pre-existing ideological or

partisan views (Iyengar et al. 2019; Druckman et al. 2013; Baekgaard et al. 2017). In this

paper I show that partisanship also biases politicians’ beliefs about bureaucracy and their

ability to hold agencies to account.

Models of bureaucratic accountability and political oversight assume that political prin-

cipals receive information about agencies and update their beliefs accordingly. Within the

traditional principal-agent framework, this can happen in three different ways, either re-

lying on politicians’ direct observation, third-party reporting, or bureaucracies’ reporting

(Lupia and McCubbins 1994). The main issue at stake is therefore how to build institutions

whereby the political principal can access bureaucracies’ private information in an optimal

way. Even alternative accounts which move away from the canonical view of accountabil-

ity aimed at reducing information asymmetries still focus on the information flow between

giving-account agencies and holding-account principals (Busuioc and Lodge 2017; Schille-

mans and Busuioc 2015). What has not been addressed is how this information is processed
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by politicians. Even the bureaucratic reputation literature (Carpenter 2001; Carpenter and

Krause 2012), that most strongly advocates looking at groups’ and audiences’ beliefs about

bureaucratic agencies, does not deal with possible biases that may affect the process of

formation of reputation/beliefs among the agency’s audiences.

“Tell me your party, and I’ll tell you what you think” is a good summary of empir-

ical and theoretical work on partisan motivated reasoning. Voters and politicians process

information using directional motives consistent with pre-existing ideological or partisan

preferences (Taber and Lodge 2006; Bartels 2002). Individuals strongly identify with their

party-group and therefore make judgements about reality through a partisan lens (Green

et al. 2002). In what follows, I present a theory that builds on insights from motivated

reasoning and identity theory scholarship to show how partisan bias shapes beliefs and

behaviour of politicians vis-à-vis bureaucratic agencies.

Operating as an identity-shaping force, I claim that partisanship drives politicians’

beliefs about bureaucratic bodies. Because the executive is responsible for public poli-

cies, politicians who are co-partisans with the executive perceive agencies as members of

their team, and this co-membership makes beliefs about agencies more positive. This in-

group form of bias reduces the importance of substantial policy-oriented aspects such as

the ideological distance between politicians and agencies. As a result, how ideologically

close politicians and agencies are plays a negligible role in explaining what politicians think

about agencies. However, it could be argued that politicians simply pretend to have biased

beliefs to protect their party’s image. In rebuttal of this statement, I argue that partisan

bias hinders politicians’ account-holding behaviour too, both in public and private forums.

When co-partisan with the government, politicians change their rhetorical style when they

argue about agencies during legislative debates (public accountability forum), resorting to a
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less factual and more politicised style. Furthermore, partisan bias limits legislators’ informal

oversight activities (private accountability forum), for it weakens the traditional relation-

ship between agency-legislator ideological disagreement and oversight activities. Partisan-

ship hinders politicians’ ability to objectively hold agencies to account: all else equal, being

co-partisan with the government makes accountability weaker.

Empirically, I introduce new data on partisan beliefs about bureaucratic agencies in

the US and the UK. I recover the semantic meaning politicians attach to the agencies

they mention in legislative speeches by employing word-embedding techniques. I estimate

word vector representations for every agency from local corpora of all the speeches given by

Republican and Democratic congresspersons and Labour and Conservative MPs separately

and in any given year, producing estimates for each party, agency, and year. I find that

beliefs are about 3-4 percentage points more positive when there is partisan alignment

between the party and the executive, even after conditioning on agency-party ideological

distance, whose effects on beliefs is not distinguishable from zero. The frequency of facts-

and evidence-based words in speeches about bureaucracy decreases by about 10% compared

to the average value for the US and by 25% compared to the average for the UK. Finally, co-

partisans with the executive are less likely to request information from ideologically distant

agencies compared to when they are at the opposition, with the difference in probability of

oversight between co-partisan and opposition member legislators’ resulting from a one-unit

increase in ideological distance equal to −0.22 percentage points.

While other studies document accountability deficits (Schillemans 2011; Schillemans

and Busuioc 2015), this is the first attempt at unveiling an obstacle to accountability that

stems from partisan identity and is not the product of strategic choices or lack of skills of

politicians. I present evidence on the key parts of the chain that leads partisan identity

4



to biased beliefs and weakened accountability. This is the main contribution of this paper.

Furthermore, bringing partisan bias inside the study of bureaucracy has important implica-

tions for bureaucratic incentives and reputation. While we know how oversight institutions

shape agencies incentives to exert effort (Turner 2017) or to make informed policy decisions

(Patty and Turner 2020), we do not know how partisan bias distorts such incentive struc-

tures. Similarly, while scholars mostly look at how agencies build their unique reputation

and its effects on bureaucratic autonomy (Carpenter 2001), or at how agencies respond to

reputational threats (Maor and Sulitzeanu-Kenan 2016), more attention should be paid to

how reputation (namely beliefs aggregated in some ways) suffers from biases that do not

pertain to the political leaning or administrative characteristics of the agency, and how

politicians and agencies interact in light of such biases. Finally, understanding how politi-

cians form their beliefs about bureaucracies is central to the effectiveness of accountability

mechanisms designed to make sure agencies are kept in check, for partisan bias has the

potential to undermine the effective control of bureaucratic policy-making.

2 Partisan Bias in the Administrative State

In democratic government, the executive is responsible for administering public policies

through bureaucratic bodies. Despite varying level of autonomy, bureaucratic agencies

respond to the political will of the executive, and a bureaucracy doing a poor job has

noticeable implications for the consensus of the incumbent party (James 2011; Nielsen and

Baekgaard 2015; James and John 2007). This is consistent with the evidence from the

retrospective voting literature (e.g. Erikson 1989), both at the national and local level (De

Benedictis-Kessner and Warshaw 2020). Because politicians have a strong partisan identity,
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they follow partisan reasons when forming beliefs about what the government does or is

responsible for, including bureaucratic bodies. Beliefs are more positive when the party is

in power, and more negative when the party is at the opposition. This bias, I argue, limits

politicians ability to hold agencies to account.

There is a vast literature in political science that characterises partisanship as a political

identity which is able to affect opinion and behaviour (Bartels 2002; Mason 2015). While

Republicans might view positively what is done by their co-partisan President, they would

evaluate the same situation under a Democratic President more negatively just for the fact

they are not from the same team (Iyengar and Westwood 2015). In social identity theory,

this a priori defence of somebody’s own team is called in-group bias, for group membership

is sufficient for automatically biasing individuals’ judgements of the merits of the different

groups (Tajfel 1987; Mason 2015). Politicians feel emotionally and socially attached to the

party, and tend to view more positively what the party is doing or is responsible for. The

process of belief formation about bureaucracy follows this sports-fan dynamic too.

Hypothesis 1: Beliefs about bureaucracy are more positive for the party in government.

In theories of bureaucratic politics, politicians’ beliefs about bureaucratic agencies are

either neglected or considered equivalent to the ideological agreement between a policy-

motivated principal and the agent. As a result, interactions between politicians and agencies

are often thought to be driven by the divergence of preferences between the two actors (Ep-

stein and O’Halloran 1999), or by other institutional features of the political environment,

such as policy complexity (Huber and Shipan 2002), veto players (Keeper and Stasavage

2003), or accountability mechanisms and agency costs (Bertelli and Sinclair 2018). Yet
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beliefs are important for explaining politico-administrative interactions, and can be inde-

pendent of the ideological alignment between the politician and the agency.

With partisanship being an identity-shaping force, the actual policy preferences of

agencies and the degree to which they are controlled by the executive are of secondary

importance, for they are not affected by partisan directional motives, which by definition

privileges membership over and not members’ characteristics (such as ideology or politici-

sation). Even though ideological disagreement between agencies and politicians is likely to

occur, partisan alignment with the executive triggers motivated reasoning, and the resulting

bias is independent of the ideological position of each single agency. Partisan identity shapes

the way politicians think about everything for which the government is responsible. As a

result, the party-agency ideological distance plays a negligible role in shaping politicians’

beliefs about bureaucratic agencies.

Hypothesis 2: The ideological distance between politicians and agencies does not affect

politicians’ beliefs about bureaucratic agencies.

The reason why beliefs are important is because they affect behaviour. For instance,

it has been shown theoretically that the desensitisation that stems from partisan bias and

motivated reasoning – that is, motivated reasoners have a weaker reaction to information

about performance – is detrimental to democratic accountability, for voters’ beliefs are

less likely to change politicians’ incentives for effort (Little et al. 2020). If we translate

this desensitisation mechanism to the relationship between politicians and bureaucracies,

we might expect partisanship to hinder politicians’ ability to objectively hold agencies to

account: all else equal, being co-partisan with the government makes accountability weaker.
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However, distinguishing between politicians’ public and private beliefs complicates the

picture. It might be possible that, when in power, it is in the interest of politicians to express

satisfaction with their own party’s achievements, including the performance of the agencies

for which the governing party is responsible. Beliefs would therefore seem to be biased, while

in fact politicians could privately have an objective view of the agency. Seemingly biased

public beliefs would have no implications for the effectiveness of bureaucratic accountability,

which would be informed by true and objective private beliefs. In observational terms, if

politicians were not biased, their account-holding behaviour would not change when their

party is no longer in power. Although it is hard to present hypotheses about politicians’

private beliefs, I can present expectations about observable behavioural implications that

would result from beliefs being truly biased. In particular, I argue that partisan bias weak-

ens both public (spoken account-holding) and private (informal oversight) accountability

practices.

Legislatures are a primary accountability forum where elected officials can fulfil their

account-holding tasks through questions, interrogations, and criticism about the perfor-

mance of bureaucracy (Miller 2005). When there is partisan alignment between a politician

and the government, the former strongly identifies with the latter and evaluates the work

of the bureaucracy – their group co-members – in a biased and more positive fashion. Since

such more positive beliefs are not the product of anything factual, when majority party

politicians debate about bureaucracy they are less likely to use facts and objective statis-

tical evidence. Rather than accountability forums, legislative debates become an extension

of partisan conflict. Partisanship weakening accountability is in line with predictions of

blame-avoidance accounts of politicians’ use of information (Nielsen and Baekgaard 2015)

and with accountability deficits identified in the literature (Schillemans 2011; Schillemans
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and Busuioc 2015). One key difference, however, the weakened accountability that results

from partisan bias is not the result of a strategic choice or the inability of politicians,

but it is rather an unintentional consequence of strong partisan identity. In observational

terms, partisan motives affect politicians’ argumentative style, which follows political rather

than objective standards, making less frequent use of facts and statistical evidence. This

partisanship-induced politicisation of what politicians say about agencies is detrimental to

the ability of legislatures to effectively function as accountability forums.

Hypothesis 3: Partisan alignment between politicians and the government is associated

with political speeches about bureaucracy less grounded in facts and evidence.

Another accountability forum consists of political principals directly overseeing agen-

cies, which – according to classical theories of bureaucratic accountability (McCubbins and

Schwartz 1984) – should be more likely to happen when legislators and agencies are far apart

on the ideological space. This proposition is the hallmark of bureaucratic accountability,

for it entails that, faced with limited resources, elected legislators pay more attention to the

activity of agencies that are ideologically far from their policy preferences, and hence deserve

tighter control. Yet this relationship is not immune to partisan bias. Being co-partisan with

the executive makes politicians less attentive to what agencies do and therefore inhibit their

ability to hold bureaucracies to account by informally requesting information from agen-

cies. Although recent work has found that, against common wisdom, legislators’ individual

oversight is mostly driven by policy valence rather than ideological disagreement (Lowande

2018), I claim that whatever role ideology plays in explaining oversight, it will be weaker

for co-partisans with the government.
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Hypothesis 4: The positive relationship between agency-politician ideological distance

and oversight is weaker for co-partisans with the government.

Moving from beliefs to public and private accountability forums, namely legislative de-

bates and informal oversight, this theory links partisan motivated reasoning with theories of

bureaucratic accountability. When there is partisan alignment between the government and

politicians, beliefs about agencies are more positive. This has implications for bureaucratic

accountability: argumentative style is less grounded in facts and evidence, and informal

oversight is weaker.

3 Outcome Variables

3.1 Beliefs about Bureaucracy

One obvious way to measure politicians’ beliefs about bureaucracy would be to ask them

directly what they think about agencies. Yet this approach would result in a snapshot of

what current politicians think about agencies, and it would not allow to compare beliefs

over time. To address these limitations, I measure beliefs about bureaucratic agencies at

the party level from what politicians belonging to the same party say in parliament. I

ultimately produce party-agency-year estimates of beliefs about 323 agencies (191 for the

US and 132 for the UK) over a time-frame of approximately 40 years. Legislative speeches

can in fact aptly capture what politicians think about bureaucracy while allowing for a large

time-coverage.

I measure partisan beliefs about bureaucratic agencies on a unidimensional scale, with

larger values signifying more positive beliefs. The measurement strategy follows Bellodi
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(2020), who uses word-embedding models to produce reputation estimates for bureaucratic

bodies in the US and the UK. Because reputation is defined as a “set of symbolic beliefs”

(Carpenter 2001, 3-4), this measurement strategy is particularly suitable for estimating

partisan beliefs about bureaucracy. Here I use a similar approach, but estimate embeddings

separately from local corpora of speeches given by the main parties in each year and country.

In particular, I estimate party p’s beliefs about agency a by pooling all speeches given by

legislators of party p in year t. The output of this strategy is a set of estimates of party

p’s beliefs about all agencies that are mentioned in the speeches given by the same party’s

legislators in any given year. While this measurement strategy does not allow me to estimate

the beliefs of each single legislator, it leaves me with sufficiently large corpora to estimate

word embeddings for each year and each party separately, capturing variation along three

key dimensions: party, time, and agency.1

The intuition behind word-embedding models is that we can learn about the relation-

ship between words and discriminate between words related to one word but not another by

looking at the ratio of co-occurrence probabilities. Suppose we want to learn the relationship

between the words FED and EPA in a year when the EPA is highly criticised. To do so,

we compare the probabilities of these two words co-occurring within a pre-defined segment

of text with various context words k. We might expect word k = independence to co-occur

with the word FED more often than with the word EPA, and word k = critic to co-occur

more often with the word EPA than with the word FED. Similarly, we expect the word k

= dog to be very unlikely to co-occur with any of the words, and the word k = policy with

both. Table 1 represents these expectations in terms of hypothetical probabilities.
1Estimating word embeddings for each legislator in each year would result in very small corpora and

hence highly unstable embeddings. Different estimations would yield very different results. For instance,
the median number of speeches per year given by US legislators is 60, and the median length is just 60
words.
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Probability k = independence k = critic k = dog k = policy

Pr(k|FED) .1 .01 .001 .15
Pr(k|EPA) .01 .1 .001 .15

Pr(k|FED)/Pr(k|EPA) .1/.01 = 10 .01/.1 = 0.1 .001/.001 = 1 .15/.15 = 1

Table 1: Example of co-occurrence probabilities for target words FED and EPA with related and
unrelated context words. Only in the ratio does noise from non-discriminative words like dog and
policy cancels out, so that large values correlate well with words associated with FED, and small
values correlate well with words associated with EPA.

The ratio of co-occurrence probabilities for words related to FED is large, whereas for

words related to EPA is low. Words related to both or neither have a ratio that approximates

1, because they do not help discriminate between which word is related to which. Co-

occurrence ratios are therefore very powerful at encoding relevant semantic relations and at

estimating the semantic similarity between terms. These probabilities can be calculated for

each unique word that appears in a corpus of texts. Every word can therefore be represented

as a real-value vector that encodes the semantic characteristic of the word. Slightly more

formally, word embeddings are the coefficients of statistical models (i.e., neural networks)

that capture the relationship between the ratio of co-occurrence probabilities. Like the

genetic information encoded in a strand of DNA, the elements of such vectors carry semantic

information about the word. Words that co-occur with similar words will therefore have

a similar “structure” and hence more similar vector representations. Distances between

these vectors are informative about the semantic similarity of the words as used in the

corpus from which they have been estimated (Spirling and Rodriguez 2019; Pennington

et al. 2014). Therefore, by comparing the word embeddings of EPA and FED with a vector

that combines several clearly positive terms such as good, excellent, great, and so on, we

can learn about the similarity between the EPA vector and a positivity vector. Similarly, if

we do this separately for Democrats and Republicans, we can see how different these agency
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embeddings are from such positivity vectors.

More generally, let us consider a very large corpus of, say, parliamentary speeches given

by Republican congresspersons in 2015. Let V be a vocabulary consisting of all the unique

words that appear in the corpus. The absolute frequency with which words in V co-occur

with each other can be reported in a matrix X of dimension V × V , whose elements Xij

represent how many times word i co-occurs in the context of word j, with the context simply

being a pre-defined window of words. Let Xj be the sum of the co-occurrences of any word

i with the context word j (i.e., the sum of the jth column), and P (i|j) = Xij/Xj be the

probability that word i appears in the context of word j. Word vectors are then estimated

with a neural network, namely a statistical model containing one layer of latent variables

(the dimension of the word vectors) between the textual input (term co-occurrence matrix)

and the output data (the word vectors). Technical details about the model parameters

and estimation steps as well as information about the speeches and sample of agencies are

reported in the Online Appendix.

Once I have word embeddings for every word in V , I can exploit the arithmetic proper-

ties of vector representations of words and build a vector that combines some unambiguously

positive and negative words that will act as benchmark to measure the partisan belief about

the agency. By deducting clearly negative embeddings from the sum of clearly positive

embeddings, I obtain a word vector that uncontroversially captures positivity. The specific

word vectors I used are:2

⃗positivity = ⃗successful + ⃗effective+ ⃗great+ ⃗excellent

− ⃗poor − ⃗negative− ⃗terrible− ⃗bad

(1)

2The words have been chosen arbitrarily among clearly positive and negative words whose meaning is
the same in both countries and did not change over time. This is similar to the seed words chosen by Rice
and Zorn (2019) to set the benchmark for positivity and negativity dictionaries.
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where the arrows signify the words are vectors. I finally measure the cosine similarity

between the word embeddings of each agency and the ⃗positivity vector. The beliefs score

will thus be the angular distance between the two embeddings. Formally,

θj = θ(a⃗,p⃗) =
a⃗× p⃗

||⃗a|| × ||p⃗||
=

∑n
1 ai × pi√∑n

1 a
2
i ×

√∑n
1 p

2
i

(2)

where θ(a⃗,p⃗) is the cosine similarity between the agency vector a⃗ and the positivity

vector p⃗, namely the ratio between the sum of the products of the ith elements of the two

vectors (the nominator) and the product of the square root of the vectors to the power of two

(the denominator). For instance, if the embedding ⃗FED is semantically very similar to p⃗,

beliefs about the FED will be more positive, whereas if the ⃗EPA embedding is semantically

distant, beliefs will be more negative. The resulting metric is normalised to take up values

between 0 and 1, where greater values signify more positive beliefs.

I apply this method to a corpus of all floor speeches given by the two main parties be-

tween 1982-2016 for the US and 1980-2018 for the UK. Detailed information about speeches

and the sample of agencies is reported in the Online Appendix. First, I merge all the

speeches at party level. Then I split them by year and obtain 86 local party-year corpora

for the US and 78 for the UK. I then estimate word embeddings from each single local

corpus. By doing so, I allow the semantic meaning of words to vary across country, party,

and over time, for every estimation is performed on a different country-party-year corpora.

The key advantage of this flexible estimation is that, for instance, the positivity vectors

are allowed to vary based on the language used by each party in any given year. The final

dataset consists of 8,824 party-agency-year observations, 6,464 for the US and 2,360 for the

UK.
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3.2 Weaker Accountability: Argumentative Style and Informal

Oversight

I am interested in two types of accountability behaviour: politicians arguing about bu-

reaucracies (public accountability forum), and politicians overseeing bureaucracies (private

accountability forum).

I measure politicians’ use of facts and statistical evidence when arguing about bureau-

cracy through a dictionary-based analysis of legislative speeches. Legislative speeches are

assigned a score capturing the frequency with which words contained in a pre-defined list

appear in the text. I use the LIWC dictionary (Pennebaker et al. 2015), which contains a

comprehensive list of words related to quantifiers and numbers, such as “amount”, “approx-

imately”, “average”, “entirety”, “equal”, “less”, “multiple”, “percentage”, “whole”, “twice”,

“total”, as well as all digits and numbers used to express quantities.

Dictionary-based approaches are deemed to be highly context-dependent and therefore

need careful validation (Grimmer and Stewart 2013). To this end, the “fact-dictionary”

derived from the LIWC lists of words has been extensively and successfully validated by

Hargrave and Blumenau (2020) in an almost identical setting as the one I study here: leg-

islative speeches in the UK House of Commons. Furthermore, contrary to sentiment analysis

tasks – where the meaning of words is likely to change across domains and over time (Rice

and Zorn 2019) – words pertaining to facts and statistical evidence should be more repre-

sentative of objective attributes and hence less dependent of the context in which are used.

To support this claim, in the Online Appendix I report the results of an additional valida-

tion test which shows that the LIWC fact-dictionary performs well at matching a manually

labelled corpus of texts from different contexts. I find a positive and significant correlation
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between manual labels and the estimates of the dictionary method, thus strengthening our

confidence in the low context-dependence of the dictionary.

I estimate the use of facts and evidence for more than half a million speeches (177,394

for the UK and 337,884 for the US) mentioning 268 agencies in the US and 308 in the UK,

given by a total of 3,836 different legislators. Text pre-processing steps are reported in the

Online Appendix. To ensure the analysis is performed over segments of text which are about

the agencies, I limit the analysis to various symmetric windows of words centred around the

names of the agencies, namely to segments of text that are 20, 50, and 100 words before

and after any name of agencies. Speeches can be long and about several topics. By looking

at word usage within small segments of text around the names of agencies, I increase the

likelihood that what legislators are saying is in fact about bureaucracy.

I then compute for every term in each speech the term frequency-inverse document

frequency (tf-idf), in order to reduce the importance of words that appear very often and

in many speeches (Welbers et al. 2017). More precisely, tokens are assigned a weight which

is equal to the logarithm of the inverse fraction of the speeches that contain the word.

For instance, let us consider the following words which belong to the “fact-dictionary”:

“approximately” and “less”. If “less” appears in more speeches than “approximately”, then

“less” will receive a lower weight, for it is less helpful in discriminating between which word

is more strongly representing the use of facts and evidence. For each speech, the final score

is the sum of the tf-idf frequencies of tokens that appear in the dictionary.

More formally, consider the full corpus a set of speeches, and each speech a set of words,

whose cardinality represents the number of unique words in the speech. For each speech

mentioning a bureaucratic agency, the use of facts and evidence is given by the following
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formula

Facts =
∑

t∈Dict

tf − idft,s with tf − idft,s =
ft,s
|s|

× log
|S|

|{s ∈ S : t ∈ Dict}|
(3)

where t is each token within the pre-defined windows of words for speech s, Dict the

list of words capturing the use of facts and statistical evidence, and tf − idf is the term

frequency-inverse document frequency of token t in speech s. The Fact score is ultimately

a function of the absolute frequency of the token t (ft,s), the number of words in speech s

(|s|), the number of speeches of the total corpus S, and the number of documents in the

corpus that contain the token t (|{s ∈ S : t ∈ Dict}|).3

As far as bureaucratic oversight is concerned, I use data on informal oversight col-

lected by Lowande (2018), who obtained records of correspondence between 16 bureaucratic

agencies and members of Congress during the 110th and 111th Congress. The measure of

oversight is dichotomous, and equals one if legislator i during Congress t sent a request or

an inquiry to the agency. He classifies legislators’ requests into two different categories,

depending on the subject of the request. Casework requests are those sent on behalf of

constituents with particular grievances. Policy request are concerns about the substance

of policy or programme implementation. Informal oversight is particularly suitable for the

purpose of the test I present below, for it is the most private and behind-the-scene form of

oversight legislators could make, and should therefore be insulated from the strategic logic

of the public sphere.
3Results are robust to using absolute frequency of fact-words appearing in the window of words. See

Table A2 in the Online Appendix.
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4 Methods

I am interested in four relationships, between partisan alignment and beliefs (Hypothesis

1), between ideology and beliefs (Hypothesis 2), and between partisan alignment and politi-

cians’ argumentative style (Hypothesis 3) and oversight activities (Hypothesis 4). Since the

measure of beliefs is at party level (i.e., I estimate party p beliefs about agency a in year t),

the unit of analysis for Hypotheses 1 and 2 is party-agency-year observations, whereas tests

of Hypotheses 3 and 4 model individual speeches given by legislators in any given day, and

legislators’ oversight activities in any given Congress.

To investigate these relationships, I present four tests. First, I build panel data models

and estimate the effect of partisan alignment on beliefs in both the US and the UK. Second,

I show how this effect holds also when conditioning on the ideological distance between the

party and the agency. Third, I estimate two-way fixed effects regressions with legislator fixed

effects to compare the use of facts and evidence when arguing about bureaucracy between

co-partisans with the executive and opposition members. Finally, I employ a generalised

difference-in-differences estimator and estimate the moderating effect of partisan alignment

on the relationship between ideological disagreement and oversight.

First, I estimate the following model for both the US and the UK.

Beliefsp[a,t] = δp + ϕa + αt + βAlignmentp[t] + up (4)

where Beliefsp[a,t] represents beliefs among party p, about agency a, and in year t.

Alignmentp[t] is a dummy variable indicating whether there is party-executive alignment in

year t, ϕa are agency fixed effects to account for all time-invariant agency characteristics, δp
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are party fixed effects, and αt are year fixed effects to account for common shocks.

In the US, because of high levels of turnover in agency staff as a result of a new presi-

dency, the effect of partisan alignment on beliefs might be confounded by a change in agency

ideology. Republican presidents might appoint conservative bureaucrats and Democrats’

beliefs about the agency might decrease for ideological reasons rather than for partisan mis-

alignment. If this were the case, my main hypothesis for which politicians follow partisan

motives when it comes to bureaucratic agencies would be rejected. To test this, I build a

measure of the distance between the ideology of the agency and the average of politicians’

ideology within each party and estimate the following model:

Beliefsp[a,t] = δp + ϕa + αt + βAlignmentp[t] + ωDistancep[a,t] + ρXa[t] + up (5)

The notation is the same as the one in Equation 4. Distancep[a,t] captures ideological

distance between party p and agency a in year t, measured as the absolute value of the

difference between the agency ideology score and the average DW-NOMINATE score of the

members of Congress belonging to party p (Lewis, Jeffrey B. et al. 2020). I use Chen and

Johnson (2014) donation-based estimates of agency ideology, which covers the largest sample

of agencies over the longest time-frame (79 federal agencies across five presidencies, from

the first Clinton Presidency to the first Obama Presidency).4 Contrary to the US context,

there is no available data on the political leaning of UK agencies and as a result, this second

test will be limited to the US. More details on the ideology estimates are reported in the

Online Appendix.

X is a matrix of time-varying agency-level covariates, including agency politicisation,
4This dataset has been widely used in political science to study the political control of the bureaucracy

(Lowande 2018), strategic appointments (Moore 2018), career paths of bureaucrats (Bolton et al. 2019),
and rule-making (Ellig and Conover 2014; Potter 2019).
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budget, and number of employees, obtained from Lewis (2008). Agency politicisation is

measured as the ratio of managers who are presidential appointees, whereas (authorised)

budget and employees are measured in dollars and units. All these covariates are log trans-

formed.5

These specifications have a series of advantages. First and most importantly, agency

dummies account for all time-invariant agency characteristics such as the history, culture,

mission, statutory features, and policy sector of the agency, which might well confound the

relationship between partisan alignment and beliefs. Some agencies might in fact perform

functions or be in charge of policies more likely to be associated with more positive beliefs.

Second, common shocks or reforms affecting the bureaucracy as a whole which might im-

pact agencies’ reputation or performance are captured by year fixed effects. Third, because

different party might have systematically different beliefs, party dummies account for dif-

ferent party characteristics, organisation, history, and time-constant views about the state

and the bureaucracy. Fourth, by conditioning on budget size and number of employees,

I can hold constant the economic relevance of the agency and its size/capacity, which can

be important predictors of what politicians think about federal bureaucracy. Fifth, by in-

cluding a variable capturing the degree of politicisation of the agency, I can sweep out the

confounding effect of the degree to which the agency is “controlled” by the executive. In

fact, it could be argued that beliefs are more biased for agencies that are particularly close

to the President.

The third test moves from party-level to legislator-level analysis, and looks at the

within-legislator change in argumentative style when arguing about bureaucracy as a result

of being co-partisan with the executive. I model the measure of use of facts and evidence as
5Data available only from 1988 to 2005.
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a function of partisan alignment using a two-way fixed effects estimator, in order to look at

change in the use of facts within legislators and legislative debate (i.e., date) and therefore

holding constant all unobserved sources of heterogeneity at the legislator and debate level.

Since language can be correlated with specific agencies, I also include agency dummies to

account for time-invariant agency-specific characteristics. Formally, I estimate the following

model:

Factsi[l,a,d] = ηl + ϕa + αd + βAlignmentl[d] + ρX + ui (6)

where Factsi[l,a,d] is the frequency of tokens considered facts and evidence in speech i

given by legislator l about agency a in day d. ηl and ϕa are legislator and agency dummies,

αd date fixed effects, and β the effect of being a co-partisan with the executive.

Finally, I estimate the effect of partisan alignment on bureaucratic oversight activi-

ties with a generalised difference-in-differences model with a multiplicative interaction term

between ideological distance and partisan alignment. I follow Lowande (2018) and exploit

the transition from the second Bush presidency to the first Obama presidency as source of

variation in the ideology of the agency and estimate the causal effect of ideological distance

with data consisting of only the 110th and 111th Congress.

The appealing feature of this design is that it allows to isolate the variation in ideological

distance resulting from a change in the presidency while committees’ control and the internal

organisation of the House and Senate remained fixed because Democrats maintained the

majority in both chambers. In fact, the changing roles of legislators as a result of a new

Congress might affect legislators’ incentives to oversee agencies. I then build the following

linear probability model:

Oversightl[a,c] = ηl + ϕa + αc + β1Distl[a,t] + β2Alignl[t] + β3Dist× Align+ ρX + ul (7)
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where Oversightl[a,c] is equal to 1 if legislator l in Congress c sent a request to agency

a. The model includes agency, legislator, and congress dummies. I follow the original

specification of Lowande (2018) and include both legislator- and agency-level time-varying

covariates: the seniority of the legislator, whether the legislator is a member, chair, or rank-

ing minority member of an oversight committee, agency budget, politicisation and logged

number of employees. The continuous treatment Dist, which represents the ideological dis-

tance between legislator l and agency a, is the classical predictor of bureaucratic oversight.

Here I am interested in estimating whether partisan alignment biases the oversight activities

of legislators, which should be a function of ideological distance. The causal quantity of

interest is therefore β3, which accounts for the moderating effect of partisan alignment on

the relationship between ideological distance and oversight.

5 Results

By just looking at Figures 1 and 2, it is clear how partisanship matters for beliefs. The

figures plot the political parties’ beliefs averaged across all agencies for the Democratic

and Republican parties for the US, and for the Conservative and Labour parties for the

UK, together with the party in government (horizontal bar at the bottom of the plots).

Horizontal dashed lines represent the average beliefs across each government.

On average, when there is a Democratic President, the beliefs of the Democratic party

are more positive compared to when there is a Republican President, and vice versa for the

Republican party’s beliefs. The UK shows a similar trend. When the government changes

color, partisan beliefs change too. The Conservative party’s beliefs about bureaucracy are

more positive during the Thatcher governments than during the Blair premiership, and they
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increase again during the Cameron and May governments. The Labour party’s beliefs too,

despite being always more positive than the Conservative’s, follow government cycles, more

positive under Labour governments, more negative under Conservative governments.

Reagan Bush G. Clinton Bush G.W. Obama
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Figure 1: Parties’ beliefs averaged across all agencies over time and across presidencies. Red for
the Republican and blue for the Democratic party.

Even though I am interested in within-party change in beliefs as a result of being

co-partisan with the executive, the figures also show a striking difference between the UK

and the US in terms of level of partisan polarisation with respect to bureaucracy (McCarty

et al. 2006). Democrats and Republicans hold more similar beliefs compared to Labour

and Conservative MPs. In particular, Republicans’ and Democrats’ beliefs overtake each

other as government changes, whereas the Labour and Conservative parties’ beliefs remain

far apart throughout the entire time period. Except for the golden era of the New Public

Management reforms of the mid-80s, when bureaucracy was considered a neutral body of

experts (Hood 1991), partisan beliefs remain highly polarised, particularly during the Blair

and Brown governments.

Who is in charge of government matters for the process of belief formation. For both

the US and the UK, partisan alignment has a significant effect on beliefs about bureaucratic

bodies. Even when conditioning on agency time-invariant characteristics, common shocks,
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Figure 2: Parties’ beliefs averaged across all agencies over time and across governments. Red for
the Labour and light blue for the Conservative party.

and party fixed effects, the results are unambiguously positive and different from 0. In

Table 2 I report the results of the first test. Sample size is large and estimates are highly

precise. Because beliefs are measured from 0 to 1, the effect of partisan alignment can

be interpreted as changes in percentage points. All else being equal, partisan alignment is

associated with beliefs on average 1.7 and 3 percentage points more positive in the US and

the UK, respectively. To ease the interpretation of the effect size, let σUS and σUK be the

standard deviations of beliefs in the US and the UK. The effect size of partisan alignment

is .12× σUS in the US and .18× σUK in the UK.

DV: Beliefs [0,1]
US UK

(1) (2) (3) (4) (1) (2) (3) (4)

Partisan Alignment 0.017∗∗∗ 0.017∗∗∗ 0.017∗∗∗ 0.017∗∗∗ −0.013 0.030∗∗ 0.030∗∗ 0.030∗∗

(0.003) (0.003) (0.003) (0.003) (0.012) (0.010) (0.010) (0.010)

Party FE ✓ ✓ ✓ ✓ ✓ ✓
Agency FE ✓ ✓ ✓ ✓
Year FE ✓ ✓

R2 0.004 0.004 0.250 0.259 0.002 0.151 0.341 0.357

Num. obs. 6, 464 6, 464 6, 464 6, 464 2, 360 2, 360 2, 360 2, 360

∗∗∗p < 0.001; ∗∗p < 0.01; ∗p < 0.05

Table 2: OLS estimates. Robust SE clustered by agency. Units are party-agency-year observations.
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Interestingly, the effect of partisan alignment is larger in the UK than in the US. This is

surprising given the lack of strategic appointments and partisan allegiance of the British civil

service, where governments cannot refresh agencies to the same extent that US Presidents

can do and bureaucrats cannot be asked about their political views.

As hypothesised, politicians manifest partisan bias when they build their beliefs about

bureaucracy, more positive when their party is in government and therefore share the re-

sponsibility of the performance of government as a whole. To strengthen these results and

to show that beliefs are not driven by substantive ideological differences between the party

and the agency, I now turn to the second test and estimate the effect of partisan alignment

on beliefs, conditioning on a set of time-varying agency characteristics, including the ideo-

logical distance between the agency and the party. Because of data availability, this test is

carried out on the US, over a time-frame of almost 20 years, from 1993 to 2012, across five

different presidencies. Table 3 shows the results. When conditioning on ideological distance,

the effect of partisan alignment remains positive and much larger than the estimate over the

entire sample in Table 2. Depending on the specification, partisan alignment makes beliefs

more positive by 2.6-3.6 percentage points.

The first model has the same specification of Model (1) in Table 2, but now the effect

size is larger (from 1.7 to 2.6 percentage points). This is just the result of sub-setting the

data from 1993 to 2012, the only time-frame for which agency ideology data are available.

Being co-partisan with the President increases beliefs about the bureaucracy by 2.6-3.6 per-

centage points. Despite the smaller sample size of specifications (3) and (6) (for time-varying

agency covariates are only available from 1988 to 2005), the estimates remain positive and

highly significant. Importantly, the effect of ideological distance is highly uncertain, with

different direction across the different specifications. This lends support to Hypothesis 1
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DV: Beliefs [0,1]

(1) (2) (3) (4) (5) (6)

Partisan Alignment 0.026∗∗∗ 0.026∗∗∗ 0.038∗∗ 0.026∗∗∗ 0.027∗∗∗ 0.036∗∗

(0.006) (0.006) (0.011) (0.006) (0.006) (0.010)

Ideological Distance −0.000 0.013 −0.015 −0.011 0.014

(0.015) (0.025) (0.019) (0.019) (0.023)

Covariates ✓ ✓
Party FE ✓ ✓ ✓
Agency FE ✓ ✓ ✓
Year FE ✓ ✓

R2 0.009 0.009 0.086 0.341 0.350 0.363

Num. obs. 1, 672 1, 672 474 1, 672 1, 672 474

∗∗∗p < 0.001; ∗∗p < 0.01; ∗p < 0.05

Table 3: OLS estimates. Robust SE clustered by agency. Units are party-agency-year observations.
Covariates include agency politicisation, budget, and number of employees (all log transformed).

and Hypothesis 2. Partisan alignment with the government changes beliefs, and ideological

differences have a negligible effect.

In the Online Appendix (Table A4), I address the concerns of units differentially con-

tributing to the regression estimates by calculating the weights that are used in multiple re-

gression and find no marked differences between the nominal and effective samples (Aronow

and Samii 2016).

5.1 From Beliefs to Behaviour

What I have shown so far is that beliefs are biased. To show partisan bias affects account-

ability practices too, I now turn to the third and fourth tests, where the analysis is performed

at the legislator rather than at party level. In support of Hypothesis 3, the two-way fixed

effects results reported in Table 4 show that, compared to when they are at the opposition,

when politicians argue about bureaucracy and are aligned with the government, they are
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less likely to use analytical language grounded in facts and statistical evidence. The effect

of partisan alignment is statistically significant across the various widows of words used and

for both the UK and the US. In particular, focusing of segments of speeches 20 words before

and after the name of the agency, the frequency of “fact-words” when there is partisan

alignment decreases by 0.025 points for the US (average frequency among all speeches is

.37) and by 0.047 points for the UK (average frequency among all speeches is .28). If we

consider the average use of facts as a baseline, being co-partisan reduces the use of facts by

approximately 7% for the US and 17% for the UK.

US UK
(1) (2) (3) (1) (2) (3)

Window Size 20 tokens 50 tokens 100 tokens 20 tokens 50 tokens 100 tokens

Partisan Alignment −0.025∗∗∗ −0.023∗∗∗ −0.019∗∗ −0.047∗∗∗ −0.059∗∗∗ −0.066∗∗∗

(0.007) (0.006) (0.006) (0.004) (0.004) (0.004)

Log. Days in House −0.002 −0.007∗ −0.010∗∗∗

(0.003) (0.003) (0.003)

Legislator Age −0.002 −0.001 −0.002∗∗ −0.003 −0.003 −0.002

(0.001) (0.001) (0.001) (0.002) (0.002) (0.002)

Ideological Distance 0.021 0.019 0.017

(0.017) (0.016) (0.014)

Legislator FE ✓ ✓ ✓ ✓ ✓ ✓
Agency FE ✓ ✓ ✓ ✓ ✓ ✓
Date FE ✓ ✓ ✓ ✓ ✓ ✓

R2 0.103 0.113 0.118 0.114 0.106 0.124

Num. obs. 95, 987 95, 987 95, 987 170, 391 170, 391 170, 391

Num. Legislators 1, 066 1, 066 1, 066 2, 075 2, 075 2, 075

Num. Agencies 53 53 53 287 287 287

∗∗∗p < 0.001; ∗∗p < 0.01; ∗p < 0.05

Table 4: OLS estimates. SE clustered by legislator. Dependent variable if tf-idf of facts-words in
speeches. The fewer observations for the US compared to the UK depends on the limited number
of agencies for which there is data on ideological leaning. Results are robust when omitting the
Ideological Distance variable and therefore recovering the full dataset and the entire time-frame
(see Table A3 in the Online Appendix).

Finally, the classical prediction for which ideologically divergent agencies are more
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likely to be subject to legislators’ scrutiny is confirmed but only for politicians who are at

the opposition. Partisan alignment biases the accountability practices of legislators, who are

less likely to oversee ideologically distant agencies when they are aligned with the executive.

While ideological distance seems to have an insignificant effect when excluding partisan

alignment, its effect is much clearer once partisan alignment enters the specification. Most

importantly, there is a large slope change between co-partisan legislators and members of the

opposition, even when holding constant all time-invariant factors at legislator, agency, and

congress level. The results are robust across each category of oversight but the moderating

effect of co-partisanship is particularly strong for policy-relevant request. A one-unit increase

in ideological distance increases the probability of oversight by 11.3 percentage points for

members of the opposition, whereas it decreases by 11.1 percentage points for co-partisans.

Figure 3 plots the predicted probability against ideological distance for both co-partisans

and opposition members. The slope change is large and highly significant. Regression results

are reported in Table A5 in the Online Appendix.
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Figure 3: Predicted probability with 95% confidence intervals of legislator oversight based on ideo-
logical distance and partisan alignment with the executive. Labels indicate the type of legislators’
request to agencies.

The effect of partisan alignment on the relationship between ideological distance and
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oversight is very different based on the majority or opposition status of legislators. In fact,

for co-partisans with the government the probability of oversight decreases with ideolog-

ical distance. These findings are surprising and deserve further research, but a post-hoc

explanation could be that legislators who are co-partisans with the president avoid the

uncomfortable oversight of agencies with very different ideological leaning, while they in-

tensify the oversight of agencies with similar policy preferences to show they comply with

their accountability duties. Overseeing agencies for which they are still overall responsible

but whose policies are likely to clash with the government policy goals is an uncomfortable

activity for politicians of the same party of the executive.

6 Discussion

Holding bureaucracies to account is a central topic in political science. While scholars have

shown how politicians design institutions to hold agencies to account, no attention has been

paid to the possible biases that systematically affect the way politicians form their beliefs

about bureaucracy, and how such biases affect the practice of accountability. This paper

represents the first attempt at solving this puzzle.

Politicians follow partisan motives when forming their beliefs about bureaucracy. When

their party is in power, beliefs are more positive, when they are at the opposition, more neg-

ative. Bias quickly moves from beliefs to argumentative style and oversight activities. Since

the reasons which make beliefs more positive belong to partisan identity, when politicians

talk about bureaucracies and they are of the same team as the government, they use a more

politicised style and resort to facts and evidence less frequently. Similarly, the commonly

held proposition whereby ideological distance triggers oversight is much weaker when legis-
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lators are co-partisan with the President. Doubts about the efficacy of legislators’ oversight

when aligned with the government might be legitimate.

This paper represents the first attempt at studying the effect of partisan motivated

reasoning on belief formation and accountability behaviour in the administrative state.

However, there can be many reasons why these findings could not generalise to other settings.

Most importantly, the US and the UK are advance democracies with increasingly polarised

political systems and majoritarian institutions. The relationship between elected politicians,

partisanship, and bureaucracy in more proportional types of democracies or in countries

with weaker administrative capacity might display different patterns from those observed

in the cases studied here. Future research could look at such different contexts and at how

bureaucracies – knowing politicians are motivated reasoners – make policies and interact

with politicians.
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Online Appendix

A1 Measuring Partisan Beliefs About Bureaucracy

The core assumption of the measurement strategy is that we can capture politicians beliefs
by studying what politicians say in legislatures.

The corpus from which I estimate the word embeddings are all the legislative speeches
from 1980 to the most recent available data in the two chambers of the US Congress and the
UK House of Commons. I downloaded the US congressional debates from the Congressional
Repository of Stanford University (data.stanford.edu/congress_text), while the UK
parliamentary speeches were accessed through the TheyWorkForYou API, for a total of
more than 4,6 million speeches. US speeches for the years 1983-84 are not available because
the Stanford University Congressional Repository does not have speeches for those years.
The sample of agencies consists of the 432 unique entries in Bellodi’s (2020) dataset.

I employ the unsupervised learning algorithm GloVe (Pennington et al. 2014), a count-
based model that produces vector representations of words by doing dimensionality reduc-
tion on a co-occurrence matrix. The first step is to create a term co-occurrence matrix X of
dimension V × V , where V is a vocabulary consisting of all the unique tokens that appear
in the corpus, where each corpus consists of all speeches of legislators belonging to each
party in any given year. Each element Xij is a number representing how many times word
i co-occurs in the context of word j, with the context simply being a pre-defined window
of words whose size depends on the particular task at hand. Let Xj be the sum of the
co-occurrences of any word i with the context word j (i.e., the sum of the jth column), and
P (i|j) = Xij/Xj be the probability that word i appears in the context of word j.

Word vectors are then estimated with a neural network, namely a statistical model
containing one layer of latent variables (the dimensions of the word vectors) between the
textual input (term co-occurrence matrix) and the output data (the word vectors). To
avoid the model from weighting all the co-occurrences equally, word vectors are estimated
for every word in V by training a log-bilinear model with a weighted least-squares objective
that tries to predict the context word j in which word i is used. Very summarily, the model
minimises the following equation J,

J =
V∑
i=1

V∑
j=1

f(Xij)(w
T
i wj + bi + bj − log(Xij))

2 (8)

where V = {v1, v2, ..., vV } is the vocabulary, wi is the vector of the target word, wj is the
vector of the context word, and bi and bj are scalar bias terms. f(Xij) is a function that
determines the weight to each pair of words based on how often they co-occur; pairs of words
that co-occur more often will have greater weight. The final output is a word embedding
for every word in the vocabulary.

I train the GloVe algorithm on a local corpus of parliamentary speeches for every year,
every country, and for the two main parties in the US and the UK (Republican, Democratic,
Labour, Conservative). I follow standard practice in text-analysis and I lemmatise the
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tokens, remove punctuations, digits, capitalisation, and stop-words to increase the precision
of the estimation. I also remove two-character words for they are deemed to carry no
semantic information. Agencies referred to in more than one way (e.g., CIA and Central
Intelligence Agency) were replaced in the text with standardised tokens. I then create
a vocabulary with all the tokens appearing at least five times in all the corpus, because
words appearing very few times do not convey semantic information. I create a term co-
occurrence matrix specifying a window size of 12 tokens and estimate 300-dimensional word
vectors with a weighting function Xmax = 10. This means that any pair of words for which
the co-occurrence count is greater than 10 will receive a weight of 1, whilst the other weights
wi ∈ [0, 1). I estimate the model through 100 iterations, with a convergence threshold of
0.001, and a learning rate appropriate to the size of the corpus, equal to 0.1. I use these
parameters because they are deemed to be the most appropriate for semantic tasks (Spirling
and Rodriguez 2019).

A2 Text Pre-Processing
I implement the dictionary-based measurement through the following steps: the speeches are
the same used to estimate beliefs (see Section A1 for more details on the corpus of speeches).6
To compare speeches about bureaucracy, I keep only the speeches which mention at least
one agency. I removed punctuation and converted all the tokens to lower case. Agencies
referred to in more than one way (e.g., CIA and Central Intelligence Agency) were replaced
in the text with standardised token.

A3 Agency Ideology
Various methods have been proposed to measure agency ideology, either relying on the po-
litical party establishing the agency or appointing the agency head (Epstein and O’Halloran
1999), or using bureaucrats’ characteristics aggregated at agency level. These methods pro-
duce agency ideal points modelling expert surveys (Clinton and Lewis 2008), bureauctats’
voting preferences (Bertelli and Grose 2011), bureaucrats’ campaign contributions (Chen
and Johnson 2014), or perceptions of federal executives (Richardson et al. 2018). Given the
theory I present in this paper, I use the dataset that covers the largest sample of agencies
over the longest time-frame. I therefore use the dataset assembled by Chen and Johnson
(2014), who produce donation-based ideology estimates for 79 federal agencies across five
presidencies, from the first Clinton Presidency to the first Obama Presidency (1993-2012).
This dataset has been widely used in political science to study the political control of the
bureaucracy (Lowande 2018), strategic appointments (Moore 2018), career paths of bureau-
crats (Bolton et al. 2019), and rule-making (Ellig and Conover 2014; Potter 2019).

Chen and Johnson (2014) use federal bureaucrats’ campaign contributions to individual
politicians as input to estimating agency ideology, and produce estimates comparable with
the DW-NOMINATE Common Space scores developed by Poole and Rosenthal (1985).
The key assumption – recently validated by Bonica (2019) – is that campaign donations
capture and are strong predictors of policy preferences. The resulting estimates are weighted
averages the Common Space scores of legislators who receive donations from bureaucrats,
with weights accounting for the amount of the donation, so that larger contributions, which

6Since I do not need a minimum number of speeches to measure politicians’ use of facts and evidence, I
keep all the speeches given by every political party.
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are more likely to come from better-paid, upper-level bureaucrats, receive a larger weight. If,
for instance, employees of agency i make equal donations to two legislators, the ideological
score of the agency will be equal to the average of the ideal points of those two legislators.

Figure 4 shows the distribution of agency ideology across presidencies. Variation in
ideological composition is the result of two factors: voluntary departure of senior employees
with divergent views to that of the new presidency, and political appointments (Bolton et al.
2019).
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Figure 4: Density plots of agency ideology across presidencies. On the x axis, DW-NOMINATE
common space scores.

Contrary to the US context, there is no available data on the political leaning of UK
agencies. This is possibly the result of the norms of administrative neutrality and impar-
tiality that are rooted in the UK civil service (Hood 1991). Both practice and research
generally assume that the UK administrative system is immune to bureaucrats’ political
preferences. Moreover, stringent regulations prevent bureaucrats from identifying with a
political party and therefore make the use of proxies very hard. The Civil Service Manage-
ment Conduct, for instance, prescribes that top-level bureaucrats “must retain at all times
a proper reticence in matters of political controversy so that their impartiality is beyond
question”.7 These are the reasons why researchers have little material to input in models of
agency ideology. As a result, all the tests which I will present including ideological positions
of the agencies will be limited to the US.

A4 Dictionary Approach: Validation

Dictionary-based approaches to analyse text are deemed to be highly context-dependent
and therefore need careful validation (Grimmer and Stewart 2013). Words’ semantics can in
fact change from one context to another. This issue is particularly concerning for sentiment
analysis tasks, for the valence of words is likely to change over time and across domains.

The “fact-dictionary” derived from the LIWC lists of words I use to measure legislators’
use of facts and evidence when arguing about bureaucracy has been extensively validated
by Hargrave and Blumenau (2020) in an almost identical setting as the one I study here:
legislative speeches in the UK House of Commons. Moreover, context-dependence seems less
problematic for facts and evidence-related dictionaries, whose words are more representative
of quantities and objective attributes and less reflective of emotions. To back this claim with

7Document accessible at gov.uk/government/publications/civil-servants-terms-and-conditions.

3

gov.uk/government/publications/civil-servants-terms-and-conditions


data, I compare the estimates of the dictionary approach with a manually labelled corpus of
text from a very different context: posts and comments of medical online forums on breast
cancer, crohn, and various allergies.

The corpus is assembled by Carrillo-de Albornoz et al. (2018), who train a classification
model to estimate patients’ opinion about health services. Coders classified each sentence
of each post as communicating “experience”, “fact”, or “opinion”. The benchmark I use
to assess the validity of the dictionary is thus the number of sentences classified as “fact”
in each post. I then apply the dictionary-approach to the corpus of posts (N = 480) and
I model the relationship between the dictionary and manual estimates. Table A1 below
reports regression estimates of OLS and various count models where the number of fact
sentences is regressed on the fact estimates consisting of the sum of the tf-idf of each term
in the fact dictionary that appears in the post, as per Equation 3. The coefficients suggest
that the Dictionary Measure is a strong predictor of the number of fact sentences in forum
posts. This strengthens our confidence of the validity of the dictionary for capturing the
use of facts and evidence in texts and its weak dependence of context.

OLS Poisson Zero-Infl. Neg.-Bin. Logit
Dictionary Measure 2.76∗∗ 0.75∗∗∗ 0.65∗∗∗ 0.97∗∗∗ 0.72∗∗

(0.96) (0.14) (0.14) (0.15) (0.23)

R2 0.16
Num. obs. 480 480 480 480 480
AIC 1916.46 1799.65 1567.39 640.43
Log Likelihood −956.23 −895.83 −780.70 −318.22

∗∗∗p < 0.001; ∗∗p < 0.01; ∗p < 0.05

Table A1: Regression estimates. Robust SE in parentheses with sandwich variance estimator. Lo-
gistic regression with dichotomised outcome, 1 if number of fact sentences in post > 1, 0 otherwise.
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US UK
(1) (2) (3) (1) (2) (3)

Window Size 20 tokens 50 tokens 100 tokens 20 tokens 50 tokens 100 tokens

Partisan Alignment −0.099∗∗∗ −0.191∗∗∗ −0.260∗∗ −0.113∗∗∗ −0.326∗∗∗ −0.584∗∗∗

(0.029) (0.053) (0.081) (0.011) (0.023) (0.039)

Log. Days in House −0.005 −0.039∗ −0.090∗∗∗

(0.008) (0.017) (0.027)

Legislator Age −0.009 −0.012 −0.028∗∗ −0.006 −0.018 −0.022

(0.005) (0.007) (0.011) (0.005) (0.010) (0.014)

Ideological Distance 0.082 0.157 0.234

(0.068) (0.131) (0.188)

Legislator FE ✓ ✓ ✓ ✓ ✓ ✓
Agency FE ✓ ✓ ✓ ✓ ✓ ✓
Date FE ✓ ✓ ✓ ✓ ✓ ✓

R2 0.103 0.113 0.118 0.114 0.106 0.124

Num. obs. 95, 987 95, 987 95, 987 170, 391 170, 391 170, 391

Num. Legislators 1, 066 1, 066 1, 066 2, 075 2, 075 2, 075

Num. Agencies 53 53 53 287 287 287

∗∗∗p < 0.001; ∗∗p < 0.01; ∗p < 0.05

Table A2: OLS estimates. SE clustered by legislator. Dependent variable is the absolute frequency
of facts-words in speeches.

A5 Robustness Checks

(1) (2) (3)
Window Size 20 tokens 50 tokens 100 tokens

Partisan Alignment −0.019∗∗∗ −0.014∗∗ −0.011∗∗

(0.005) (0.004) (0.004)

Legislator Ideology −0.052 −0.049 −0.058

(0.054) (0.044) (0.042)

Legislator Age 0.000 0.001 0.000

(0.002) (0.001) (0.001)

Legislator FE ✓ ✓ ✓
Agency FE ✓ ✓ ✓
Date FE ✓ ✓ ✓

R2 0.084 0.089 0.095

Num. obs. 256, 564 256, 564 256, 564

Num. Legislators 1, 590 1, 590 1, 590

Num. Agencies 267 267 267

∗∗∗p < 0.001; ∗∗p < 0.01; ∗p < 0.05

Table A3: OLS estimates. Dependent variable if tf-idf of facts-words in US speeches omitting the
ideological distance between agency and legislator and hence recovering the full sample of speeches.
SE clustered by legislator.
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Nominal Sample Effective Sample

Variable Mean Std. D. Mean Std. D.

Beliefs 0.49 0.14 0.50 0.22
Ideological Distance 0.36 0.24 0.40 0.23
Agency Ideology -0.10 0.22 -0.10 0.20

Agency Types
Independent Agency 86.0 % 86.0 %
Executive Department 10.2 % 12.7 %
Exec. Sub-Agencies 0.0 % 0.0 %
Office President 3.8 % 1.4 %

Table A4: Nominal and Effective Samples. Values for the effective sample are weighted averages
and weighted standard deviations of each variable. Weights computed following Aronow and Samii
(2016) as the squared residual of a regression model of the outcome on all the covariates and fixed
effects but with no treatment. I used the same specification as the one reported in Equation 5.

A6 Test 4: Regression Table

No Interaction Multiplicative Interaction
Total Casework Policy Total Casework Policy

Ideological Distance 0.015 0.014 −0.001 0.114∗∗∗ 0.074∗∗ 0.113∗∗∗

(0.020) (0.019) (0.018) (0.027) (0.025) (0.025)
Partisan Alignment 0.084∗∗∗ 0.052∗∗∗ 0.096∗∗∗

(0.014) (0.014) (0.015)
Part. Alignment × Id. Distance −0.191∗∗∗ −0.105∗∗∗ −0.224∗∗∗

(0.033) (0.031) (0.035)

Congress FE ✓ ✓ ✓ ✓ ✓ ✓
Legislator FE ✓ ✓ ✓ ✓ ✓ ✓
Covariates ✓ ✓ ✓ ✓ ✓ ✓
Num. obs. 17, 552 16, 455 16, 455 17, 552 16, 455 16, 455
R2 0.503 0.500 0.430 0.504 0.500 0.431
Adj. R2 0.484 0.480 0.407 0.484 0.480 0.408

∗∗∗p < 0.001; ∗∗p < 0.01; ∗p < 0.05

Table A5: Linear probability models. SE clustered by legislator in parenthesis. Binary variable, 1
for informal legislator oversight of agency (for each type of request: casework, policy, and both).
Covariates include committee membership, committee chair, ranking, budget in millions of dollars,
agency politicisation, log number of staff.
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